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O Given a pair of left and right images (I}, I,) the depth Z
can be estimated by calculating disparity d between the
(13, 1,.) as follows

O From the geometry of similar triangles
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Letd = u; — u, Z
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zZ = Ff b: base line ; f: focal Length U :

QO Formally the “d” is know as disparity between the left U; 7J

right images.
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